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Undirected graph Directed Graph
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Question 1 Do you exercise regularly?
Question 2 Do you maintain a healthy diet?
Question 3 Do you get enough sleep?

Question 1 | Question 2 | Question 3
A | Yes No YES
B | No YES YES
C | YES No No
D | YES No YES
E | No YES No
F | YES YES YES
G | No YES No
H | YES No YES
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for question in ['Q1°,

yes respondents = [person for person, answers in responses.items() if answers[question] == ¥

for 1 in range(len(yes respondents)):
for j in range(i + 1, len(yes respondents)):
personl = yes respondents[i]
person2 = yes respondents|[]j]
edges.append( (personl, person2, question))
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Question 1 Do you exercise regmarly? SNA: Respondents with 'Yes' Answers by Question and Centrality
Question 2 Do you maintain a healthy diet?
Question 3 Do you get enough sleep?
|| Question 1 ||Question 2 | Question 3
A | Yes No YES
B | No YES YES o - SN,
c | YES No No N e
D | YES No YES xh“*mxma //// .
E | No YES No | e kN
F | YES YES YES 7 T\
G | No YES No 00 .
H | YES No YES
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Deg ree centrality SNA: Respondents with "Yes' Answers by Question and Centrality
A:0.714 Y
B: 0.857 " —
C: 0.571
D:0.714 = | o

~ o

. ~ /!,
B N &/

)/_,' _7_ ‘\\ L/
Q3 ,;@
e N\
yd N\
p
,

& /""-—-.,_

/
-
e
~

o

~ 0 _

degree centrality = nx.degree centrality(G)

-

print("Degree Centrality:") c — — —
for node, trality in degree centrality.items():
print(f"{node}: {centrality:.3f}")
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